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Dear Editor,

The recent editorial by Uzman Ozbek (1) provides
a careful account of the ethical challenges that
large language models (LLMs) now pose for scien-
tific publishing, including the limited reliability of
detection tools, the disproportionate flagging of
non-native English authors as suspected Al users
(2), and the impossibility of treating non-human
systems as accountable authors (3). I would like to
extend this discussion in a direction that deserves
more editorial attention: the risks that remain even
when authors disclose their Al use openly and
avoid overt misconduct such as fabricated data or
invented citations (4).

Most current debate focuses on what can, in prin-
ciple, be caught. Yet a subtler problem may matter
more in the long run: the gradual weakening of the
fit between evidence, uncertainty, and claim that
polished, model-assisted prose can produce wit-
hout anyone noticing.

Several recent findings make the concern concrete.
When LLMs summarise scientific work they over-
generalise systematically, nearly five times more
often than human writers (5). They often sound
confident when wrong, and readers mistake deci-
sive tone for evidential strength (6). Even when Al-
suggested references are real and on-topic, they
may only loosely support — or contradict — the
claims they accompany; a medical evaluation found
50-90% of LLM responses not fully grounded in
the sources they cited (7). Lexical analyses of fif-
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teen million PubMed abstracts already detect
stylistic traces of LL.M-assisted writing (8), and co-
writing studies show that model assistance reduces
lexical and content diversity (9). Redundant and
low-yield publications have risen alongside LLM
adoption (10-12). When models advise on methods
they often recommend additional complexity,
though current reporting guidance for clinical pre-
diction and machine learning emphasises trans-
parency, applicability, and decision relevance over
technical sophistication (13,14). LLMs are now
used at both ends of the publishing pipeline, with
evidence that automated reviewers favour model-
shaped prose (15,16), rewarding the same drift
twice.

Considered separately, these effects look minor.
Considered together, they describe a slow erosion
of calibration in the scientific record. A cautious
“may suggest” upgraded to “demonstrates” can
travel a long way once a paper is cited, summarised,
or translated into clinical recommendations, and
unlike fabricated references such drift leaves no
clean signature.

The editorial closes with the question of whether
human and machine writing can still be distin-
guished (1). A companion question may be more
tractable and more useful: even when disclosure is
honest, are editorial and peer-review processes
equipped to assess what Al has done to the argu-
ment? Asking authors not only whether AI was
used but for what purpose, and prompting review-
ers to test whether each claim remains proportion-
ate to the design, sample, and uncertainty (3,17),
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would move the editorial task from a futile contest
with detection tools toward the evaluative judge-
ment that remains uniquely human. Such struc-
tured prompts would also protect authors who use
Al fairly, including non-native English speakers,
from being penalised for the wrong reasons (2). In
an era of fluent machines, the most important safe-
guard for the scientific record may not be better

detection, but better questions.
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