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Calibration and Validation Reporting for KAN-
Based No-Reflow Prediction After Primary PCI

Primer PCl Sonrasi KAN Temelli No-Reflow Tahmini icin
Kalibrasyon ve Dogrulama Raporlamasi

To the Editor,

Tasolar et al." should be commended for evaluating the Kolmogorov-Arnold network
(KAN) and comparator models for predicting angiographic no-reflow in 890 consecutive
patients with ST-segment elevation myocardial infarction undergoing primary
percutaneous coronary intervention. KAN and XGBoost achieved area under the curve

Minimum validation sequence for KAN-based no-reflow prediction
Methodological steps required before bedside use in STEMI after primary PCl

1. Define the analytic cohort
Report the total number of patients and the number of no-reflow events in the training and
test sets separately.
e Cohort definition ® Outcome prevalence ® Split-specific event counts

v

2. Preserve a leakage-safe workflow
Perform oversampling, normalization, feature selection, and hyperparameter tuning only
within the training process.
® Train-test split first ® No preprocessing on the test set ® Transparent pipeline description

v

3. Report calibration with discrimination
Complement AUC with calibration-in-the-large, calibration slope, Brier score, and a
calibration plot.
o Discrimination e Calibration ® Overall accuracy

v

4. Test clinical utility
Use decision-curve analysis to show whether the model improves pre-PCl planning across
plausible risk thresholds.
o Net benefit ® Clinically relevant thresholds ® Comparison with simpler models

v

5. Confirm transportability
Validate the model in a temporal or external STEMI cohort before clinical deployment.
e Temporal validation e External validation ® Generalizability

Interpretation
High internal discrimination alone does not justify clinical implementation. A usable
prediction model also requires leakage-safe development, calibration assessment,
evaluation of net benefit, and independent validation.

Figure 1. Suggested validation sequence for clinical translation of a KAN-based
no-reflow model. Internal discrimination should be followed by split-specific
event reporting, leakage-safe preprocessing within training resamples, calibration
assessment, decision-curve analysis, and temporal or external validation.

454

Official journal of the

5| TURKISH
EF] SOCIETY OF
CARDIOLOGY

LETTER TO THE EDITOR
EDITORE MEKTUP

Hasan Burak isleyen'

Sercan Bulut?

Nisantasi University, Faculty of Medicine,
Istanbul, Turkiye

2Department of Cardiology, Bagcilar Training
and Research Hospital, Istanbul, Tirkiye

Corresponding author:
Hasan Burak Isleyen
P4 hasanburak.isleyen@nisantasi.edu.tr

Received: May 09, 2026
Accepted: May 16, 2026

Cite this article as: isleyen HB, Bulut

S. Calibration and Validation Reporting
for KAN-Based No-Reflow Prediction
After Primary PCI. Turk Kardiyol Dern Ars.
2026;54(5):454-455.

DOI: 10.5543/tkda.2026.73373

el
BY NC_ND Copyrlght@Author(S)

Available online at archivestsc.com.
Content of this journal s licensed under a
Creative Commons Attribution -
NonCommercial-NoDerivatives 4.0
International License.


https://orcid.org/0000-0002-4400-9715
https://orcid.org/0000-0002-6536-1347
https://orcid.org/0000-0002-6482-9913

isleyen and Bulut. Validation Reporting in KAN No-Reflow

values above 0.98, and the article states that cross-validation
was restricted to the training set and that SMOTE was applied
only within the training folds.” These findings support strong
internal discrimination.

Several additions would make the model easier to interpret
clinically. First, discrimination alone does not establish whether
predicted probabilities are accurate. Because procedural
decisions depend on absolute risk, calibration-in-the-large,
calibration slope, a calibration plot, and the Brier score would
complement the reported receiver operating characteristic
analysis.? Second, split-specific no-reflow counts for the
training and test partitions would help readers assess the
precision of performance estimates in an imbalanced outcome
setting. A concise pipeline diagram would also clarify the
order of imputation, feature selection, oversampling, and
hyperparameter tuning, making leakage control easier to verify.
Figure 1 summarizes this sequence.

Third, decision-curve analysis would show whether the model
provides net clinical benefit across plausible thresholds rather
than statistical separation alone.? This distinction is important
because the leading predictors included both baseline and
procedural variables; therefore, the intended time point of
use should be explicitly stated. Recent regional publications
indicate growing interest in digital cardiology and artificial
intelligence-enabled  cardiovascular  decision  support,
increasing the need for transparent reporting before clinical
translation.*5
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The article already identifies the absence of full calibration analysis
and external validation as limitations.” A temporally or externally
validated analysis with complete calibration reporting, split-
specific event counts, and decision-curve analysis would clarify
whether KAN adds value beyond simpler no-reflow models.
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